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Silenced: Consequences of the Nuisance Property O rdinances  

Aria Golestani  

 

 Abstract  

 
 

Nuisance property ordinances label a property as a nuisance, and violations 

are filed against landlords when the police respond to a home a set number of 

times within a certain period (e.g., three times in six months). After having a 

property declared a nu isance, property owners who do no t abate the nuisance 

can face fines and criminal charges. Many landlords renting to tenants who 

incur NuPO violations respond by evicting  the tenant, refusing to renew their 

lease, or instructing tenants not to call 911. In this paper, I examine the impact 

of applying these policies to domestic violence. Using individual - and agency-

level data, I exploit time variation in the enactment of nuisance ordinances 

across 40 major MSAs to identify the impacts of these ordinances on the rate 

at which assault victimization is reported to police. I find that nuisance 

ordinances decrease the rate at which assaults that happen inside the home 

are reported, and those living in rental units are particularly affected by these 

ordinances. I also find evidence that these nuisances are followed by a 

significant increase in the number of reported intimate partner homicide s. 

Results indicate these policies do not affect reporting rate s for crimes that are 

not associated with a property and do not affect non -intimate partner 

homicide rates. Findings are robust to the inclusion of controls for individual, 

policy, and economic variables. Additionally, these findings ar e consistent 

with estimates produced using alternative estimation strategies proposed by 

the recent literature on the internal validity of the two -way fixed effect models 

with staggered rollout and dynamic or heterogenous treatment effects.  

 

 
Keywords:  Crime Reporting, Domestic Violence, Intimate Partner Violence, Evictions, 

Housing Security , Illegal Behavior and the Enforcement of Law, Housing Supply and 

Markets 
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1. Introduction  

 

A growing number of cities are adopting nuisance property ordinances. Nuisance property 

ordinances (henceforth, NuPO1) label a property as a nuisance and impose sanctions on property 

owners based on the number of times police respond to the property or instances of alleged 

criminal conduct.  Whi le conduct defined as a nuisance varies by ordinance (and municipality), 

most ordinances contain a broad list of offenses associated with a property ranging from 

disorderly or disruptive conduct to any criminal conduct, including assault, occurring on or 

near the property. A majority of ordinances rely on an excessive number of 911 calls to determine 

whether a property is a nuisance, even when a person in need of services is a victim of domestic 

violence (DV). Upon receiving a nuisance citation, owners or l andlords are instructed to abate 

the nuisance or face penalties, such as fines, the loss of their rental permits, and, in extreme cases, 

incarceration. Critics of these ordinances argue that landlords may respond by evicting the 

tenant, refusing to renew their lease, or instructing tenants not to call 911 (ACLU; Desmond and 

Valdez, 2012; Mead et al., 2017). 

Nuisance laws aim at recovering the cost of excessive police services and reducing crime. 

By holding owners and landlords accountable for alleged criminal activities on  their 

property,  these laws provide a seemingly low -cost alternative to traditional police involvement 

to deter crime.2 These ordinances, though, effectively increase the cost of reporting crime 

victimization and significantly impact DV victims, causing them to avoid requesting emergency 

police intervention out of a fear of being evicted. Domestic violence is widely known to be 

underreported (Klein, 2009; Ellsberg et al., 2001). Based on the National Crime Victimization 

Survey (NCVS) 1993ɬ2019, about half of domestic violence victimizations were reported to the 

 
1 This paper has been circulated using the acronym NuPO. However, other research including Mead et al. ( 2017) has 

referred to these policies as CANO (Criminal Activity Nuisance Ordinances).  
2 Norristown, PA., code §245-ƗɯȹƖƔƕƖȺɯÛÐÛÓÌȯɯɁ+ÈÕËÓÖÙËÚɯ1ÌÚ×ÖÕÚÐÉÓÌɯÍÖÙɯ"ÌÙÛÈÐÕɯ!ÌÏÈÝÐÖÙɯÖÍɯ3ÌÕÈÕÛÚɂȭ 
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police. Enacting nuisance ordinances is becoming an additional factor in deterring crime 

reporting and contradicts one of the main objectives of the Violence Against Women Act (1994), 

which aims to ensure that victims and their families have access to the services they need to 

achieve safety. 

This paper examines the impact of nuisance property ordinances on crime reporting and 

domestic violence. My study begins with assessing the effect of the policy on the rate at which 

crimes are reported to police. Using victimization data from the NCVS between 1979 and 2004, I 

exploit time -variation in the enactment and implementation of NuPO laws across major MSAs 

to identify the impacts of these ordinances on crime reporting and victimization. I find victims 

of assault are 13 percent less likely to report a crime inside their home to police. I find strong 

evidence that renters are particularly  responsive to nuisance ordinances. I then assess whether 

or not NuPO achieves one of its main objectives: deterring crimes. Data do not show any 

significant relationship between the policy and victimization. Lastly, I use the NCVS to examine 

the impact of NuPO enactment on escalating violence. I find evidence that suggests NuPO leads 

to a higher rate of injury and a higher likelihoo d of assault victims acting in self -defense.  

An economic theory of household bargaining that incorporates violence predicts that 

ËÌÊÙÌÈÚÐÕÎɯÛÏÌɯÝÐÊÛÐÔɀÚɯÉÈÙÎÈÐÕÐÕÎɯ×ÖÞÌÙɯÉàɯÞÖÙÚÌÕÐÕÎɯÖÜÛÚÐËÌɯÖ×ÛÐÖÕÚɯÙÈÐÚÌÚɯÓÌÝÌÓÚɯÖÍɯ

violence. In other words, the increased cost of reporting and decreased intervention by the 

criminal justice system as a result of NuPO could affect the probability of escalation and 

intimate partner homicide (Pollak, 2005; Aizer, 2010; Aizer and Dal Bó, 2009; Miller & Segal, 

2019). To test the predictions of this theory, in the second part of the paper, I examine the 

impact of these ordinances on domestic violence. Supplementary Homicide Reports (SHR) of 

Uniform Crime Reports (UCR) provide incident -level information on homicides, including the 

ÝÐÊÛÐÔɀÚɯÙÌÓÈÛÐÖÕÚÏÐ×ɯÛÖɯÛÏÌɯÔÜÙËÌÙÌÙȭɯ4ÚÐÕÎɯ2'1Ȯɯ(ɯÈÚÚÌÚÚɯÞÏÌÛÏÌÙɯ-Ü/.ɯÐÕÊÙÌÈÚÌÚɯÛÏÌɯ
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probability of escalating violence. I find nui sance enactments lead to a sizable increase in the 

rate of people murdered by intimates. 3 

Lastly, to further corroborate my prior results I use the DV-related calls for assistance 

dataset from the California Department of Justice to assess the impact of nuisance ordinances on 

the number of monthly DV calls for assistance reported by agencies between 2001 and 2019. 

California is home to an estimated 2.5 million undocumented immigrants, most of whom are 

renters (Mathema, 2017; Christopher, 2021). For families who are, for myriad reasons, including 

immigration status, experiencing barriers to finding stable and affordable housing, nuisance 

ordinances create an additional threat to their safety, security, and housing security. California 

results support the findings in part 1. I find that by leaving victims in a position in which they 

are risking their housing (or paying fines) by calling for help, nuisance ordinance s reduce the 

number of DV -related 911 calls for assistance by about 12 percent. I also find suggestive 

evidence on escalating violence. In jurisdictions with nuisance ordinances in their books, the 

proportion of DV calls that involved a weapon increased.  

To my knowledge, this paper provides the first credible causal estimates of the relationship 

between nuisance property ordinances (or third -party policing 4 in general), crime reporting and 

DV at the national level. In doing so, the paper makes several contributions . This study, more 

specifically, complements the rich interdisciplina ry literature documenting the cost of nuisance 

ordinances (Fais, 2008; Mead et al.,2017; Kastner, 2015; Swan, 2015; Epstein and Goodman, 

 
3 I find higher IPH rate for male victims that is consistent with studies of DV policy changes including but not limited 

to, Aizer and Dal Bó  (2009) and Miller and Segal (2018). The literature shows that policies aiming at reducing DV leads 

to a reduction in the number of battered women killing their abusers. This paper studies a policy with an op posite 

impact.   
4 As a form of problem -solving policing, in third party policing, police partner with others ( third parties) to 

proactively reduce crime and disorder. The focal point of this type of policing is often people or places. See National 

Academy of Sciences (2018) and Weisburd  & Braga (Eds., 2019).  
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2018).5 In a series of  influential ethnographic work s, Desmond (2016; Desmond and Valdez, 

2012) documents that in Milwaukee, nearly a third of all NuPO citations were related to DV . In 

more than 80 percent of cases where landlords received a citation, landlords  evicted or 

threatened to evict the victim if they 6 contacted the police again.7 These studies, however, either 

do not perform a counterfactual analysis (to answer whether nuisance ordinances exacerbated 

victimization ) or are limited to a single unit  (i.e., city or state) case studies.8 By documenting 

ordinances across major cities in the U.S. and using credible counterfactuals, this paper will 

allow for more work in this area.  

By examining the impact of nuisance property ordinances on domestic assault, it 

complements broader related literature on the effectiveness of various policies on DV, including 

the effects of no-drop policies in the prosecution of DV (Aizer and Dal Bó, 2009), the federal 

Gun Control Act (Raissian, 2016), mandatory arrest policies (Sherman and Berk,1984; Campbell 

et al., 2003; Iyengar, 2009; Chin and Cunningham, 2019), integration of fema le officers in policy 

(Miller and Segal, 2018), introduction of ÞÖÔÌÕɀÚɯ×ÖÓÐÊÌɯÚÛÈÛÐÖÕɯȹ ÔÈÙÈÓ, Bhalotra, and Prakash, 

2021; Perova and Reynolds, 2020), and DV-specialized courts and prosecutors (Golestani, 

Owens, and Raissian, 2021; Arora, Beberman, Jelveh, and Motta, 2021). In assessing the impacts 

of nuisance ordinances on the number of crimes recorded by police, this paper is most similar to 

Moss (2019), who documents that in California, jurisdictions that enacted NuPO  experienced a 

reduction in calls for an assistant. 9 Whil e this paper is well-executed, my study makes several 

 
5 Mead et al. (2017) document that in the state of Ohio, nuisance ordinances are frequently applied to minor and non -

criminal conduct and disproportionately target and impact people of color, renters, and those living in subsidized 

housing. Kroeger and La Mattina (2020) estimate that the enactment of nuisance ordinances in Ohio increases 

eviction filing rates.  
6 3ÏÙÖÜÎÏÖÜÛɯÛÏÌɯ×È×ÌÙȮɯ(ɯÌÔ×ÓÖàɯɁÛÏÌàɂɯÈÚɯÈɯÎÌÕËÌÙ-neutral, third -person singular pronoun.  

7 Desmond and Valdez (2012) also find that these policies disproportionately target racial minorit ies. A tenant living 

in a neighborhood where the majority of the residents are Black is three times more likely to receive a nuisance 

citation than a tenant living in a White -majority neighborhood.  
8 Reading and documenting municipal ordinances in the national level is time consuming and that is, perhaps, the 

reason why existing research is local. 
9 The sample period ÐÕɯ,ÖÚÚɀÚɯÚÛÜËàɯis 1995-2016. 
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important contributions and extensions. First, while data on aggregated DV -related 911 calls 

provide a valuable tool for examining  the reporting pattern, they have two main limitations. 

First, data do not contain information on non -DV calls to control for the overall reporting 

pattern in a particular city. Second, using 911 calls (or number of offenses known to law 

enforcement, or number of arrests made for a particular crime) as the primary source to 

measure reporting suffers from the unseen first -stage selection bias. Observed data provided by 

police are conditional on a call being made by the victim or a crime being known by police. Post-

report conditioning underestimates (or conceals) the treatment ef fect and leads to statistical 

bias. Without knowing the denominator, i.e., victimization rate, we cannot accurately measure 

the reporting behavior by victims.  

Unlike the literature on the impact of police on crime outcomes, which primarily focuse s on 

the offenders10, this paper focuses on a particular form of policing (third party policing) and its 

effect on victims. The results of this study have important implications. First, they suggest that 

as a result of nuisance property ordinances, a sizeable number of victimizations go unreported. 

In addition, I do not find any evidence that these ordinances reduce crime victimization, which 

is one of the key intended goals of the policy. Consistent with the theory and anecdotal 

evidence, I note that there is a strong relationship between the enactment of the nuisance and 

intimate partner violence. Reporting a victimization or crime is essential to the quality of police 

services, and the underreporting of victimization has been a major policy concern. In the 

majority  (about 4 of out 5) of IPHs, no matter which partner was killed, the man physically 

abused the woman before the murder (Campbell et. al., 2003; Zahn et al., 2003). Thus, one of the 

primary ways to decrease intimate partner homicide is to identify and intervene promptly with 

at-risk, abused women.  

 
10 See McCrary 2002; Di Tella and Schargrodsky 2004; Evans and Owens 2007; Mello 2019; Chalfin, Hansen, 

Weisburst, and Williams 2020.  
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The paper proceeds as follows. In Section 2, I provide an overview of NuPO and describe 

the hypothesized effects. Section 3 discusses data. Section 4 outlines the empirical strategy and 

presents results for crime reporting and victimization. Section 5 reports the estimated effects of 

NuPO on DV measured by intimate partner homicide. Section 6 focuses on the number of DV-

related 911 calls in California, and Section 7 concludes. 

 

2. Background  and Institutiona l Context  

 

NuPO label a property as a nuisance when the police respond to a home over a set number of 

times within a certain period (e.g., three times in six months). NuPO authorize a municipality to 

recover government expenditures on police services by requiring the homeowner or landlord to 

abate the nuisance or face penalties such as the costs of enforcement and responding to call for 

services, additional fines, or the loss of their rental permits. 11 To avoid penalties, property 

owners need to take certain steps to abate the nuisances, typically by evicting the tenant, and 

ɁÈÕàɯÊÐÛÈÛÐÖÕɯÐÚÚÜÌËɯÛÖɯÈɯÛÌÕÈÕÛɯÞÏÖɯÐÚɯÈÓÙÌÈËàɯÐÕɯÛÏÌɯ×ÙÖÊÌÚÚɯÖÍɯÉÌÐÕÎɯÌÝÐÊÛÌËȮɯÚÏÈÓÓɯÕÖÛɯÊÖÜÕÛɯ

towards the number of citations i f the property owner can prove that an eviction action has 

ÉÌÌÕɯÊÖÔÔÌÕÊÌËɯÐÕɯÈɯÊÖÜÙÛɯÖÍɯÓÈÞɂ.12 

Most ordinances contain a list of various triggering offenses and conducts associated with a 

property (whether by  a resident, guest, or other person), and they often include assault; 

disorderly conduct; drug -, gang-, or weapon-related offenses; and prostitution  (Appendix Table 

A.1 provides a shortened summary of the detailed ordinances). "ÏÐÊÈÎÖɀÚɯÖÙËÐÕÈÕÊÌÚɯ×ÙÖÝÐËÌɯÈɯ

good example of the common features of ordinances across the county. Chicago, IL, Code of 

Ordinances § 8-4-087 defines a nuisance property as:  

 
11 See Milwaukee, WI., Code of Ordinance § 80-1 (effective 2007), available at 

https://city.milwaukee.gov/ImageLibrary/ Groups/ccClerk/ Ordinances/Volume -1/CH80.pdf 
12 Pittsburgh, Pa., Code of Ordinances § 670.07(b)(effective Feb. 15, 2005), available at 

https://library.municode.com/pa/pittsburgh/codes/co de_of_ordinances 

https://city.milwaukee.gov/ImageLibrary/Groups/ccClerk/Ordinances/Volume-1/CH80.pdf
https://library.municode.com/pa/pittsburgh/codes/code_of_ordinances
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ɁAny premises that is the subject matter of three or more calls for police service on three 

different days within any 90 -day period resulting in (1) a case report documenting an 

investigation of illegal activity within the premises; or (2) enforcement action against any tenant 

or person associated with the premises for illegal activity occurring within the premises or 

within one block or one thousand feet of the premises.ɂ 

 

In a majority of ordinances an incident of DV is included in (or not explicitly exempt from) 

the list of nuisance offenses without considering whether  a person who called for service is a 

victim of DV or not. Some municipalities  exempt DV as a nuisance triggering activity. For 

ÌßÈÔ×ÓÌȮɯ"ÏÐÊÈÎÖɀÚɯÕÜÐÚÈÕÊÌÚɯÚÛÈÛÌɯÛÏÈÛɯɁAny illegal activity and incidents of domestic violence 

reported to the police department by the building owner or the building owner's agent via 911 

shall not be counted when determining whether a premises meets the definition of a chronic 

illegal activity premises .ɂ1314 Regardless of the exact feature of the ordinance, nuisance 

ordinances place survivors of DV and people with disabilities at risk for two main reasons. 

First, these individuals are disproportionately likely to need assistance from police or 

emergency services. Second, police calls related to DV incidents and disabilities are often not 

clearly identified and a call for service could be labeled  as criminal activity  on the property  or 

disorderly person . Mead et al (2017) document a call from a neighbor to state the male is beating 

up a female inside that apt that was recorded in the police dispatch log as boy/girl trouble and 

resulted in nuisance citation sent to the landlord explaining the tenant is involved in a pattern 

of behavior that is disruptive to her neighbors and places an undue burden on the resources of 

ÛÏÌɯ/ÖÓÐÊÌɯ#Ì×ÈÙÛÔÌÕÛȭɂ15  

 
13 Chicago, IL, Code of Ordinances § 8-4-087 (effective 2008), available at 

https://codelibrary.amlegal.com/codes/chicago/latest/chicago_il  

14 Section 8-4-087 of the Municipal Code of Chicago was later amended by Ordinance O2018-8914 by deleting the 

 -#ɯÐÕÚÌÙÛÐÕÎɯÔÖÙÌɯÌßÊÌ×ÛÐÖÕÚɯÚÜÊÏɯÈÚɯɁÈÕàɯÊÖÕÛÈÊÛɯÔÈËÌɯÛÖɯÛÏÌɯ×ÖÓÐÊÌɯÖÙɯÖÛÏÌÙɯÌÔÌÙÎency services with the intent 

of prevÌÕÛÐÕÎɯËÖÔÌÚÛÐÊɯÖÙɯÚÌßÜÈÓɯÝÐÖÓÌÕÊÌȮɯÖÙɯÚÌÌÒÐÕÎɯÈÕɯÌÔÌÙÎÌÕÊàɯÙÌÚ×ÖÕÚÌɯÛÖɯËÖÔÌÚÛÐÊɯÖÙɯÚÌßÜÈÓɯÝÐÖÓÌÕÊÌȭɂ 
15 The police dispatch log and nuisance notice available here: 

https://www.dropbox.com/s/01kisa4g01vn2s6/mm.pdf?dl=0 . See Mead et al (2017) for more evidence on the effects of 

nuisance ordinances in Ohio. 

https://codelibrary.amlegal.com/codes/chicago/latest/chicago_il
https://www.dropbox.com/s/01kisa4g01vn2s6/mm.pdf?dl=0
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Desmond and Valdez (2012) show that in Milwaukee, a tenant living in a black 

neighborhood is three times more likely to receive a nuisance citation compared to a tenant in a 

white neighborhood who has also violated the ordinance. In addition to th e disparate impact of 

these ordinances, Mead et al (2017) document the racial undertones surrounding the enactment 

of NuPO.  

A large body of research in criminology suggests that incidents in which women kill their 

husbands are more likely to involve victim precipitation than incidents in which men kill their 

wives (See Richard FelsonɀÚɯÞÖÙÒÚɯÖÕɯvictim precipitation  and interpersonal violence including 

Felson and Messner 1998). In Appendix A, I p resent a simple model that describes how 

changing the cost of crime reporting (and calling for service) in the form of nuisance property 

ordinances could affect the behavior of a victim or a batterer. The prediction of the model is 

straightforward: Decreas ing the net benefit of reporting discourages victims to report a 

victimization and  could affect the probability of repeated victimization and escalating violence.  

 

3. Main Data Sources 

3.1 Nuisance Property Ordinances  
 

To examine the impact of NuPO on crime reporting and DV, I begin with collecting the 

enactment and implementation years of these ordinances across major cities using the 

municipality code for each jurisdiction. I then confirm each of the m using previous 

multidisciplinary literature on nuisance ordinances : Desmond and Valdez (2012), Moss (2019), 

Mead et al. (2017), and law review articles including Fais ( 2008), Kastner (2015), Swan (2015), 

and Werth (2013). In addition, I read through municipality codes documented by the Temple 

University Policy Surveillance Program Database. In Table 1, I list the nuisance property 

ordinances by municipality and year of enactment for 40 major MSAs identified in the MSA -

level release of the National Crime Victimization Survey . When the literature is not consistent 
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about the adoption years, I trust my own fi ndings. Appendix Table A.1 provides a shortened 

summary of the detailed ordinances. 

 Then, in Appendix Table A. 10, I list  nuisance ordinance and crime-free housing policies 

across more than 120 cities across California by combing through ordinances and using Dillion, 

Poston, and Barajas (2020)1617.  

 

3.2 Data on Crime Victimization and Reporting  
 

To estimate the impact of NuPO on crime reporting, I use data on crime victimization between 

1979 and 2004 from the MSA-level release of the NCVS. The NCVS, which is conducted by the 

U.S. Census Bureau on behalf of the Bureau of Justice Statistics (BJS), is the nation's primary 

source of information on criminal victimization and has asked a nationally representative 

sample of individuals about their experience with victimization since 1973. While the annual 

NCVS does not contain geographic identifiers below  the region level, the extract I am using in 

this paper contains the crime victimization survey between 1979 and 2004 on a nationally 

representative sample of about 50,000 housing units and includes the core county identifiers 

within the top 40 NCVS Metrop olitan Statistical Areas (MSAs).  

In the survey, persons 12 years of age and older were interviewed in each household 

sampled, and respondents were asked a series of screening questions to determine whether they 

were victimized during the six -month period preceding the first day of the month of the 

interview. Positive responses led to additional questions regarding the types of crimes (rape, 

robbery, assault, burglary, larceny, and motor vehicle theft); the severity of the crime; injuries; 

medical care received; the number, age, race, and sex of offender(s); and the relationship of the 

 
16 Ɂ2ÖÔÌɯ"ÈÓÐÍÖÙÕÐÈɯ'ÖÜÚÐÕÎɯ/ÖÓÐÊÐÌÚɯ'ÜÙÛɯ!ÓÈÊÒɯ/ÌÖ×ÓÌȮɯ+ÈÛÐÕÖÚɯ- +ÖÚɯ ÕÎÌÓÌÚɯ3ÐÔÌÚȭɂɯƖƔƖƔȭɯ 

17 Natur ally, it  is possible that there are municipalities with nuisance ordinances that is not recorded in this study. If a 

municipality enacted a nuisance property ordinance but it is assumed to be untreated in this study, the direction of 

bias in my estimates will be toward not finding significant effects.  
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offender(s) to the victim (stranger, casual acquaintance, relative, etc.). Demographic information 

on household members includes age, sex, race, education, employment, median family income, 

marital status, and military history. More importantly, for the purpose of this study, the NCVS 

includes the following questions:  

- How far away from home did the incident happen?  

- Was it reported to the police? 

As explained in Section 2, many ordinances penalize property owners for conduct that 

occurs on or within a set number of feet of their property. Using the distance from home 

information, I construct an indicator taking the value of one if the incident happene ËɯɁÈÛȮɯÐÕȮɯÖÙɯ

ÕÌÈÙɯÛÏÌɯÉÜÐÓËÐÕÎɯÊÖÕÛÈÐÕÐÕÎɯÛÏÌɯÙÌÚ×ÖÕËÌÕÛɀÚɯÏÖÔÌɤÕÌßÛɯËÖÖÙɂɯÛÖɯËÌÛÌÙÔÐÕÌɯÞÏÌÛÏÌÙɯÛÏÌɯ

reporting could be affected by NuPO. I construct the outcome of interest, CrimeReported, which 

is one if the crime was reported to police.  

Table 2 presents the observable characteristics of individuals and victims in my sample. 

Column s (1) and (2) report the means from the -"52ɀÚɯ×ÌÙÚÖÕ-based file that contains select 

household and person variables for all people in NCVS-interviewed households in the core 

counties of the 40 largest MSAs from January 1979 through December 2004. columns (3) and (4) 

report the mean of covariates from the -"52ɀÚɯÐÕÊÐËÌÕÛ-based file which contains select 

household, person, and incident variables for persons who reported a violent crime during the 

6-month period preceding the interview month. Odd-numbered columns report means for MSAs 

that are not treated between 1979 and 2004. Even-numbered columns report means for MSAs that 

enacted nuisance property ordinances before 2004.  

Table 2 shows that in all MSA, regardless of NuPO status, the proportion of U.S. residents 

aged 12 or older who were victims of one or more violent crimes decreased from approximately 

14 percent in 1979 to 5 percent in 2004 (down 65 percent). In terms of reporting an assault 

victimization inside home , however, the difference between MSAs that enacted nuisance 

ordinances and those that did not is notable. MSAs without NuPO on their books experiences 
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are 3 percentage point increase in the reporting rate (from 45.5 percent in 1979 to 48.3 percent in 

2004), while MSAs that implemented nuisance ordinances saw a 6.5 percentage point decrease 

in the reporting rate (from 45.9 percent in 1979 to 39.32 percent in 2004). 

 

3.3 Data on Intimate Partner Violence  
 

The homicide data come from the Supplementary Homicide Reports (SHR) within FBI Uniform 

Crime Reports (UCR) from 1976 to 201818. This incident -level homicide data  provides  detailed 

information on criminal homicides repor ted to the police. I use information on the relationship 

between the victim and offender to identify intimate partner homicide ( IPH) in which the victim 

is a current or former spouse, girlfriend, or boyfriend of the offender) .  

The data enable me to perform a falsification test by examining the effect of NuPO on non-

intimate partner homicides  (non-IPH) . Assuming that NuPO do not affect homicide s by 

strangers, I use nonintimate homicide as the placebo group. Examining non-IPH rates has two 

additional advantages. First, it allows me to  test whether or not the variation in homicide rates 

is caused by differences in general trend in crime across agencies. One major limitation of the 

SHR is that reporting by the police agency is volunt ary. The second advantage of using non-IPH 

rates is that it allows me to control  for the differences in the rate at which a police agency 

reports homicide. Controlling for the overall reporting and underreporting, we can then look 

for relative changes in homicide across agencies before and after implementing nuisance 

property ordinances.  

I calculate the outcome, agency-year homicide rates, by dividing the total number of 

homicides in each group by the population in 100,000s. I restrict the sample to the core cities 

identified in the NCVS and I keep the main agency in the SHR data. The benefit of restricting 

the SHR sample to NCVS cities is that I am using the largest counties in the United States; 

 
18 These data made available online at openICPSR by Jacob Kaplan (*È×ÓÈÕȮɯ)ÈÊÖÉȭɯ)ÈÊÖÉɯ*È×ÓÈÕɀÚɯ"ÖÕÊÈÛÌÕÈÛÌËɯ%ÐÓÌÚȯɯ

Uniform Crime Reporting (UCR) Program Data: Supplementary Homicide Reports, 1976-2019. Ann Arbor, MI: Inter -

university Consortium for Political and Social Research [distributor], 2021 -01-16. https://doi.org/10.3886/E100699V10) 
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therefore my estimates are, most likely, not driven by the f luctuation between small numbers. 

For the main estimates, I end the sample period in 2004 to be consistent with the end year of 

2004 in the analysis of NCVS data on reporting rates.19 

While this  data set is widely used in research and thought to be the most complete 

compilation  of national homicides, it naturally has its own limitations . Reporting homicide 

counts to the FBI is voluntary  which means that in some cities/states, data are missing for a few 

years. Due to missing data, I drop District of Colum bia (missing data: 1996, 1998 to 2008 , and 

2012) and cities in Florida 20 (missing data: 1988 to 1991, 1996 to 2018).21 

Table 2 shows that, in my sample which consists of the biggest agency in 40 largest MSAs, 

non-intimate partner  homicides declined by 40 percent from 1979 to 2004. It also shows that in 

the cities where NuPO was not implemented, intimate partner homicides have been declining  

in a significantly higher rates compared to cities where nuisance ordinances apply . 

 

3.4 DaÛÈɯÖÕɯ"ÈÓÐÍÖÙÕÐÈɀÚɯ#5-Related 911 Calls 
 

I provide an additional measure for the effect of NuPO on crime reporting  and rely on 

California data because of data availability. Data on domestic violence-related 911 calls come 

ÍÙÖÔɯÛÏÌɯ#Ì×ÈÙÛÔÌÕÛɯÖÍɯ)ÜÚÛÐÊÌɯȹ#.)Ⱥȭɯ"ÈÓÐÍÖÙÕÐÈɀÚɯ#.)ɯ"ÙÐÔÐÕÈÓɯ)ÜÚÛÐÊÌɯ2ÛÈÛÐÚÛÐÊÚɯ"ÌÕÛÌÙɯÊÖÓÓÌÊÛÚɯ

information on DV -related calls for service from vari ous law enforcement agencies on a 

monthly basis. This dataset provides the agency-level number of calls from 2001 to 2019. 

 
19 Repeating the main specification using the full sample (1977 to 2018) yields similar results and is reported in 

Appendix Table 7. 
20 Fort Lauderdale, Miami, Orlando, Tampa, and West Palm Beach.  

21 The current study can be improved by following Raissian  (2016) where they directly contacted each state for 

reliable data on homicid e.  
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Domestic violence is defined as abuse committed against an adult or a fully emancipated 

minor who is a spouse, former spouse, cohabitant, former cohabitant, or person with whom the 

suspect has had a child or is having or has had a dating or engagement relationship.22 

Appendix Table A.9. lists the nuisance and crime-free housing ordinances by municipality and 

year of enactment. I use the largest police agency in each county and calculate the outcome, 

agency-year DV-related 911 calls, by dividing the total number of calls for services in each 

group by the population in 10,000s. Data include information on DV -related calls for assistance 

that involved the use, or threat of use, of a firearm, knife or cutting instrument or other 

dangerous weapon are reported according to the type of weapon used regardless of the 

outcome or injury. I use this information to construct the proportion of DV calls  that involved 

the use of a weapon as an outcome to assess the probability of escalating violence.  

Table 2 provide a summary statistic of DV -related 911 calls in California. It shows that in 

the cities where NuPO was not implemen ted, the rate of calls remained the same between 2001 

and 2019. Cities where NuPO applies, however, saw a 30.5 percent reduction in the number of 

DV-related calls for service from 2001 to 2019. 

 

4. Does NuPO Affect Crime Victimization  and Reporting ? Evidence from the 

National Crime Victimization Survey  

4.1 Crime Reporting 
 

My empirical strategy begins with assessing post-NuPO changes in crime reporting in the 

MSAs that adopted the nuisance property ordinance relative to pre -NuPO reporting rates and 

 
22 See Penal Code section 13700(b). Abuse is defined according to Penal Code section 13700(a) as intentionally or 

recklessly causing or attempting to cause bodily injury, or placing another person in reasonable apprehension of 

imminent serious bodily in jury to himself or herself, or another.  
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relative to changes in reporting rates in MSAs not experiencing these ordinances. Using 

individual -level data from the NCVS on victims, I estimate the following specification:  

 

ὅὶὭάὩὙὩὴέὶὸὩὨὔόὖὕ   ὢɱ ὤɰ   (1) 

 

The outcome of interest, ὅὶὭάὩὙὩὴέὶὸὩὨ, is an indicator variable set to one if a crime in 

geographic area ί and year ὸ was reported to police by victim Ὥ. The main variable of interest, 

ὔόὖὕ, is the value of the treatment for MSA ί in year ὸ. ὔόὖὕ , therefore, is an indicator 

equal to one for any MSA with an enacted nuisance property ordinance during the post period. 

The regressions include a dummy variable for each MSA, , to capture time-invariant 

differences between MSAs, and a dummy variable for each year, , to absorb national year-to-

year variation. ὢ  is a matrix of individual and household characteristics provided in the 

NCVS, and ὤ  is a vector of time-varying state-level demographics and public policy controls. 

Finally, standard errors are clustered at the MSA level to allow for serial correlation and 

correlated errors ( ) across victims within an MSA.  

I begin with the reporting rates among those who  are directly affected by these ordinances. 

Table 3 reports the esÛÐÔÈÛÌÚɯÜÚÐÕÎɯÈɯÚÈÔ×ÓÌɯÖÍɯÈÓÓɯÈÚÚÈÜÓÛÚɯÛÏÈÛɯÖÊÊÜÙÙÌËɯÐÕÚÐËÌɯÈɯÝÐÊÛÐÔɀÚɯ

home.23 In column 1, I first estimate the basic specification with MSA and year fixed effects with 

no additional controls. The coefficient of - 0.085 on NuPO implies that nuisance ordinances 

decrease the rate at which crimes are reported by about 14.4 percent In column 2, I report the 

estimates from a model with individual -level information from the NCVS, which includes age, 

gender, race, household income level, whether the victim lives in a single-family home, whether 

the victim is the head of the household, mari tal status, educational attainment, an indicator 

equal to one if the victim lives in rental housing, crime type, indicators equal to one if the 

respondent was injured, whether  the incident involved more than one offender, and whether  

 
23 Assault against victims include s attempted, completed, and aggravated assaults; verbal threats of assault; and 

sexual assaults. 
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the offender is known by the victim. Inclusion of these individual -level controls affects the 

estimated coefficient only by 0.001 percentage point.  

In column 3, I report estimates from my preferred model with the main set of controls that 

are motivated previous research on crime reporting. I additionally control for time -varying 

state-level demographics and public policy controls such as property crime rate, the generosity 

of welfare benefit (based on the maximum AFDC payment to a single mother with two 

children), state-level controls for unilateral divorce laws, mandatory arrest laws, and no -drop 

prosecution policies (Miller and Segal, 2019; Aizer and Dal Bó, 2009; Nou and Timmins, 2005; 

Stevenson and Wolfers, 2006; Iyengar, 2009; Chin and Cunningham, 2019). The magnitude of 

the estimated coefficient in column 3 suggests that NuPO is associated with a 7.5-percentage 

point ( or 12.8 percent) decrease in the likelihood of reporting an assault inside a home.  

In Column 4 of Table 3, I explore the hypothesis that the relationship between NuPO and 

ÙÌ×ÖÙÛÐÕÎɯÈÕɯÈÚÚÈÜÓÛɯÐÕÚÐËÌɯÛÏÌɯÝÐÊÛÐÔɀÚɯÏÖÔÌɯÐÚɯÚÛÙÖÕÎÌÙɯÍÖÙɯÙÌÕÛÌÙÚȭɯ ÚɯËÌÚÊÙÐÉÌËɯÐÕɯ2ÌÊÛÐÖÕɯƖȮɯ

while those living in a property  that they own are responsible for paying fines when their 

property is labeled as a nuisance, those living in rental units face the risk of being evicted by the 

landlord. The estimated coefficient implies that NuPO is associated with a 17.4 percent 

(0.04+0.062 percentage point) decrease in the likelihood of reporting an assault inside the 

ÝÐÊÛÐÔɀÚɯÏÖÔÌɯÍÖÙɯÙÌÕÛÌÙÚȭɯ 

 

Placebo Group.  Having provided evidence that nuisance ordinances reduce the rate at which 

assaults inside the home are reported to police, I now turn to examining the reporting rate for 

crimes that are not affected by nuisance property ordinances. The fact that NuPO target crimes 

related to a property, provides an opportunity to further probe these results by looking at 

within -MSA comparison group s that experiences the same MSA-specific trends, as well as their  

own type -specific trends. Crimes, in particu lar assaults, that took place outside the victim's 

home may serve as an ideal placebo group in my setting. Table 4 shows the estimated effect for 

different placebo groups. In panel A of Table 4, I show the results for reporting rates for assault 
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offenses that occurred outside the ÝÐÊÛÐÔɀÚɯÏÖÔÌȭɯPanel B uses a sample of non-assaultive 

offenses that happened outside the ÝÐÊÛÐÔɀÚɯÏÖÔÌȭɯNon-assaultive offenses include attempted or 

completed robbery, pocket picking, burglary, theft, and motor vehicle theft.  And finally in panel 

C, I report the reporting behavior among victims of non -assaultive offenses inside their home. 

Among all specification, estimat ed coefficients are imprecise and insignificant. 

 

Event Study.   To interpret the coefficient  in equation (1) above as the causal effect of 

nuisance ordinances on the outcome of interest ὅὶὭάὩὙὩὴέὶὸὩὨ, we need to examine the 

presence of the pre-ordinance trend in the crime victimization rate. To assess the parallel trend 

in ὅὶὭάὩὙὩὴέὶὸὩὨ between treated and control MSAs in the absence of the implementation of 

NuPO and to assess the evolution of relative reported crime while controlling for underlying 

differences across cities over time, I estimate event study models of changes in crime 

victimization rate relative to a year before enactment, conditioning on fixed effect describe d 

above: 

 

ὅὶὭάὩὙὩὴέὶὸὩὨὉὺὩὶὔͅόὖὕ  Ὅὸ ὸᶻ †
  

  ὢɱ ὢ ɰ   (2) 

 

where the variable ὉὺὩὶͅὔόὖὕ equals 1 if a victim is living in a n MSA that eventually enacted 

the nuisance property ordinance law and zero otherwise. Indicator variables ὸ ὸz † 

capture the time relative to the implementation year, ὸz, in each MSA and are zero in all periods 

for cities that never enacted the law. Event-study design enables us to visually see the effect of 

enacting the law and checking that all of the pre-trend event years (leads),  В  Ὅὸ ὸz  

†, are zero. The estimated coefficients of post-event years (lags), В  Ὅὸ ὸz †  , help us 

visually observe the evolution of the treatment effect.   

Figure 1.A plots point estimates and the 95 percent confidence intervals for victims of 

assault inside the home based on the event study coefficients of equation 2. The p-value from 
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the joint significance test of the pre-treatment event time estimates, 0.896, indicates that the test 

fails to reject the null hypothesis that the reporting rates do not trend differently before the 

enactment of NuPO. I then turn to timing evidence of my main placebo group, reporting rates 

ÍÖÙɯÈÚÚÈÜÓÛɯÖÍÍÌÕÚÌÚɯÛÏÈÛɯÖÊÊÜÙÙÌËɯÖÜÛÚÐËÌɯÖÍɯÝÐÊÛÐÔɀÚɯÏÖÔÌ. Figure 1.B shows the event study 

that corresponds to my preferred specification ( column  3) in panel A of Table 4. Figure 1.B 

confirms the initial findings that NuPO does not affect the reporting behavior among victims of 

assault outdoors.   

 

4.2 Robustness Checks for Crime Reporting 
 

The results above suggest that nuisance ordinances are associated with a reduction in the rate at 

which assaults inside the ÝÐÊÛÐÔÚɀɯÏÖÔÌɯare reported to police. In this section, I perform a 

number of robustness checks on my preferred estimation presented in column  3 of Table 3. A 

series of papers raise a valid concern and point to an important limitation of the OLS estimation 

of difference-in-differences with staggered adoption  (Borusyak and Jaravel, 2021; Goodman-

Bacon, 2021ȰɯËÌɯ"ÏÈÐÚÌÔÈÙÛÐÕɯÈÕËɯ#ɀ'ÈÜÓÛÍÖÌÜÐÓÓÌȮɯ2020). One important limitation is that the 

standard two -way fixed effect model calculates the average treatment effect on the treated 

(ATT) using a weighted average of all possible two -by-two difference in differences estimators. 

Recent literature reveals that the difference-in-differences OLS estimator is potentially 

biased when there is staggered rollout (differential timing) and a dynamic or heterogenous 

treatment effect. In my setting in which MSAs are adopting NuPO at different points in time, it 

is theoretically possible that my results are biased. I do not expect this to be a major concern, 

though, as this study uses 25 untreated units, and among 15 treated units 10 of them enacted 

NuPO between 1986 and 1999 (i.e., not very close to the beginning or end of the sample period, 

1979ɬ2004). In this section I formally investigate whether my main estimates are contaminated 

with bias.    
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(Bacon) Decomposition and Weights.  To analyze the 2x2 DD comparisons and weights 

formally, I first implement a decomposition test proposed by Goodman -Bacon (2021)24. I find 

that a cleaner (i.e., Treatment vs Never Treated) comparison contributes to 72 percent of the 

estimated effect in my preferred specification . Then, I implement a test for the potential 

ÐÕÍÓÜÌÕÊÌɯÖÍɯÕÌÎÈÛÐÝÌɯÞÌÐÎÏÛÚɯÈÚɯ×ÙÖ×ÖÚÌËɯÉàɯËÌɯ"ÏÈÐÚÌÔÈÙÛÐÕɯÈÕËɯËɀ'ÈÜÓÛÍÖÌÜÐÓÓÌɯȹ2020)25. The 

ATT in column  3 of Table 3 is the weighted sum of 160 estimated average treatment effects. Of 

those, 85 percent of estimates receive a positive weight. The sum of negative weights is -0.08, 

representing a very small contribution to the overall ATT estimate. T ogether, these tests suggest 

that there is not likely to be substantial bias in my estimated ATT due to negative weights or bad 

2x2 DD comparisons.  

 

Alternative Estimators.  I then present the results of the estimation of the event-study, using 

the followi ng estimators: (1)an imputation -based estimator from Borusyak, Jaravel, and Spiess 

(2021), (2) de Chaisemartin & D'Haultfoeuille ɀÚɯ(2020) estimator, and (3) the interaction 

weighted (IW) estimator from Sun & Abraham ( 2020).26 Borusyak, Jaravel, and Spiess (2021) 

imputation -based estimator uses untreated (i.e. never-treated or not-yet-treated) observations to 

estimate unit and ti me fixed effects, which are subsequently used to impute counterfactual 

untreated outcomes for treated observations. The difference between the observed outcomes 

and their imputed counterfactuals gives a unit and time specific treatment effect that can then 

be aggregated into an estimate of the desired treatment effect.  

In ÈÕɯÈÓÛÌÙÕÈÛÐÝÌɯÌÚÛÐÔÈÛÐÖÕɯ×ÙÖÊÌËÜÙÌɯËÌÝÌÓÖ×ÌËɯÉàɯËÌɯ"ÏÈÐÚÌÔÈÙÛÐÕɯÈÕËɯ#ɀ'ÈÜÓÛÍÖÌÜÐÓÓÌɯ

(2020), the coefficient at the date of treatment (t = 0) is estimated by comparing trends between t 

 
24 Using ddtiming Stata package. 

25 Using twowayfeweights Stata package. 

26 Event study estimates are calculated using (1) imputation-based estimator from Borusyak et al. (2021) an using the 

Stata package did_imputation, (2) de Chaisemartin & D'Haultfoeuille ɀÚ (2020) estimator using did_multiplegt Stata 

package, and (3) the interaction weighted (IW) estimator from Sun & Abraham (2020) using Stata package 

eventstudyinteract. 



   

 

 

 

 

 

21 

Ǹɯ1 and t for units that switched to treatment in t compared with units that are not yet treated in 

t. Similarly, the coefficient at t = l (l=1,2,3) is obtained by comparing trends between ÛɯǸl and t + l 

for units that switched  to treatment in t compared with units not already treated in t + l. This 

estimator calculated bootstrap standard errors.  

Sun & Abraham (2020) implement the IW estimator and constructs a pointwise confidence 

interval for the estimation of dynamic treatment effects. The IW estimator first  estimates the 

interacted regression, where the interactions are between relative time indicators and cohort 

indicators. Then, it estimates the cohort shares underlying each relative time. To avoid using  bad 

controls, here I use all never-treated groups (i.e., NuPO is not implemented until 2004) as the 

control group.  

I present the results of the estimation of the event-study using estimator s described above in 

Figure 2.A and 2.B and find results similar to the traditional event study plots. In Appendix 

Table A.3, I also estimate the single ATT across all treated observations using the imputation 

estimator developed by Borusyak, Jaravel, and Spiess (2021). The results from the robust 

estimator do not vary substantially from the OLS estimates reported in the main set of results. 

Using Callaway  ÈÕËɯ2ÈÕÛɀ ÕÕÈɀÚ (2020) estimator also yields to similar results  that shows a 

sizeable reduction in the rate at which assaults inside the home are reported. 

 

Empirical Distribution of Placebo Estimates.  To ensure I am making correct inferences 

about statistical significance, I then randomly assign a treatment year to MSAs in my data then 

ÌÚÛÐÔÈÛÌɯÛÏÌɯÐÔ×ÈÊÛɯÖÍɯÛÏÌÚÌɯÙÈÕËÖÔÓàɯÎÌÕÌÙÈÛÌËɯÖÙËÐÕÈÕÊÌÚɯÖÕɯÝÐÊÛÐÔÚɀɯÙÌ×ÖÙÛÐÕÎɯÉÌÏÈÝÐÖÙȭɯ(ɯ

repeat this exercise 1000 times and generate distributions of estimates. I also calculate the 

proportion of the placebo estimates that are larger in magnitude than  the estimated effect of 

NuPO27. Figure 3 shows the placebo distribution from this exercise. Only 0.06 percent of placebo 

 
27 Similar to Bertrand et al, 2004; Abadie et al 2010; Chetty, Looney, and Kroft, 2009. 



   

 

 

 

 

 

22 

estimates are larger (in magnitude) than the estimated effects.28 I also show, in Appendix Figure 

A.2, that the relationship between reporting and NuPO is robust to iteratively excluding each 

MSA. 

 

NCVS Break.  The NCVS was redesigned in the early 1990s. Because of the break in series 

caused by the NCVS redesign in 1992, I replicate the main estimates using data from between 

1993 and 2004 to examine whether my results are sensitive to the NCVS break. Appendix Table s 

A.4 and A.5 replicate the estimates from Table 3 and 4 using victimization data after 1992. I find 

qualitatively similar estimates of the impact of NuPO on crime reporting among assault victims. 

My estimates in Appendix Table A.4 are larger in magnitude compared to those in Table 3, and 

are consistent with 28 percent decrease in the likelihood of reporting a crime to police . 

 

4.3 Escalating violence and quality of calls for service: Evidence from NCVS 
 

Having assessed the impact of NuPO on crime reporting, I now  evaluate the impact of these 

policies on escalating violence. To examine this relationship, I use the NCVS to estimate 

whether (1) the victim was injured, (2) the victim received median care, or (3) the victim took 

self-protective action. In panel A of Table 5, my preferred specifications show that NuPO 

increases the likelihood of injury among victims of assault by 9.3  percent. For a more severe 

injury that requires medical care, my  estimates are consistent with a 4 percent decrease and a 50 

percent increase in the likelihood of requiring medical care. The results in panel C suggest an 

8.7 percent increase in the probability of taking self -protective action. 

In panel D of Table 5, I examine whether NuPO is associated with a higher quality of calls 

for police service. The outcome (Police acted) is an indicator variable set to 1 if, conditional o n 

crime being reported, police took one of the following actions: took report , searched, took 

evidence, or questioned witness(es) upon being called. Although not precisely estimated, the 

 
28 I then repeat the same procedure for MSAs that are not treated between 1979 and 2004. The placebo distribution for 

untreated MSAs in Appendix Figure A.1 suggests a p -value of 3.5 percent using the placebo approach. 
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results from panel D show that NuPO has a positive relationship with t he seriousness of a 

report that is made and, conditional on being involved, police officers are more likely to 

investigate a crime.  

As a robustness check, the same as the above, I show the estimates corresponding to Table 5 

using data from 1993 to 2004 to see if the estimates are robust to the inclusion or exclusion of 

earlier years in the NCVS. Appendix Table A.6 confirm that NuPO has a positive relationship 

with the likelihood of injury, medical need, self -protective action, and police actions upon 

calling to the crime scene.  

 

4.4 Crime Victimization 
 

Having provided evidence that nuisance ordinances reduce the rate at which assaults inside the 

home are reported to police, the natural next step is to assess the impact of NuPO on 

victimization in general.  One of the intended aims of nuisance property ord inances is reducing 

crime by holding property owners accountable. I estimate the changes in crime victimization 

rates in the MSAs that adopted the nuisance property ordinance relative to non -adoptive MSAs 

before and after the implementation of the nuisance ordinances. I exploit time -variation in the 

enactment and implementation of NuPO laws across major MSAs and estimate the following 

specification: 

 

ὠὭὧὸὭάὭᾀὥὸὭέὲὔόὖὕ    ὢɱ  ὤɰ     (3) 

 

Where ὠὭὧὸὭάὭᾀὥὸὭέὲ is a binary indicator for whether a respondent Ὥ in MSA ί interview in 

year ὸ reported having been a victim of a crime in the previous six months. The main variable of 

interest, ὔόὖὕ, is the value of the treatment for MSA ί in year ὸ. Similar to Section 4.1, in 

column 1 of Table 6, I first estimate the basic specification with MSA and year fixed effects with 

no additional controls. In column 2, I add the individual and household characteristics in each 

MSA, and in column 3 I add time -varying state-level demographics and public policy controls . 
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In my preferred specification (column 3), I find that NuPO increases assault victimization by 

about 14 percent (panel A) and increases assault victimization inside the home by about 19 

percent. The corresponding event study versions of equation 3 are plotted in Appendix Figure 

A.4. 

 

5. Does NuPO Affect Domestic Violence? Measured by Intimate Partner Homicide  

 

The results above suggest that nuisance ordinances are associated with a sizable reduction in 

the rate at which domestic assault victimization is reported to police. I now turn to examine the 

impact of these ordinances on domestic violence, measured by intimate partner homicide. I test 

the hypothesis that worsening victims ɀ outside options (by increasing the cost of crime 

reporting) along with fewer intervention s by the criminal justice system could increase the 

probability of escalating violence.  

 

5.1 Main Specification and Results  
 

My empirical strategy to evaluate the impact of NuPO IPH is similar to what I described in 

detail in section 4.1. I use incident -level homicide data from  

The homicide data come from the Supplementary Homicide Reports (SHR) within FBI Uniform 

Crime Reports (UCR), and I exploit the variation in the passage of the policy across cities and 

over time to estimate the following agency -level regression specification:  

 

ὍὖὌὙὥὸὩὔόὖὕ    ὢ ɰ      (4) 

 

The outcome ὍὖὌὙὥὸὩ is the rate of intimate partner homicides per 100,000 people in agency ί 

in year ὸ with victim of sex Ὥ. Following the literature on IPH, the parameter of interest ὔόὖὕ 

is an indicator equal to one for any city  with an enacted nuisance property ordinance in year ὸ

ρ. I estimate the effects for both male and female victims. ὤ  is a vector of time-varying state-

level and public policy controls which is comprised of the property crime rate, the generosity of 
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welfare benefit (based on the maximum AFDC payment to a single mother with two children), 

state-level controls for unilateral divorce laws, mandatory arrest laws, and no -drop prosecution 

policies29. In my specifications, I report the IPH rate in levels, wei ght observation using the 

county population, and cluster standard errors at the jurisdiction  level.  

For the main estimates in Table 7, I end the sample period in 2004 to be consistent with the 

end year of 2004 in the analysis of NCVS data on reporting rates. Repeating the main 

specification using the full sample (1977 to 2018) yields similar results and is reported in 

Appendix Table 8. 

In column  1 of Table 7, I first estimate the basic specification with agency and year fixed 

effects with no additional control. And in column  2, I ÐÕÊÓÜËÌɯÛÏÌɯÈÎÌÕÊàɀÚɯÓÈÎÎÌËɯÕÖÕ-IPH rate 

to account for agency-specific changes in overall violent crime rates. The estimates in column  3, 

are from my preferred speci fication which includes state -level and public policy controls. panel 

A of Table 7 reports the estimates for the overall intimate partner homicide rate. Across all 

specifications, I find a positive and significant relationship be tween the enactment of NuPO and 

IPH rates. The estimated coefficient from my preferred specification ( column  3) implies that 

NuPO leads to an increase of 0.222 deaths per 100,000 population (a 16 percent increase relative 

to the sample mean of 1.37).  

Panel B of Table 7 reports the impact on women murdered by intimate partners and in 

panel C, I present the estimated coefficient for male victims. Estimates from my preferred 

specification (column  3) imply  that I rule out any effect greater than 20 percent for female 

victims. For male victim s, the estimate of the impact on NuPO of 0.161 (se = 0.075) is significant 

and implies a 27 percent increase in intimate partner homicide of males.  

 

 
29 My choice of controls, described in Section 4.1, is motivated by the previous studies including Miller and Seg al, 

2019; Aizer and Dal Bó, 2009; Nou and Timmins, 2005; Stevenson and Wolfers, 2006; Iyengar, 2009; Chin and 

Cunningham, 2019. 
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Placebo Group.  In column  4 of Table 7, I estimate the impact of nuisance ordinances on non-

intimate partner homicide as a falsification test. The estimates in column  4 are based on 

regressions in which I include  the full range of controls. The estimated impacts are insignificant 

and small in magnitude (1  percent change relative to the sample mean). The results from 

column  4 imply  that increasing the cost of reporting a victimization (or crime) associated with a 

property, does not affect the rates at which individuals are murdered by n on-intimates. Column 

4 in panel B and C, repeats the falsification exercise and estimate the impact of NuPO on deaths 

per 100,000 population for women, 0.70 (se = 0.133), and men, 0.872 (se = 0.672), murdered by 

non-intimates.   

  

Event Study.   To test the identifying assumption of parallel tre nds absent a treatment and to 

understand the dynamic nature of effects, I also apply an event study setting similar to equation 

2: 

 

ὍὖὌὙὥὸὩὉὺὩὶὔͅόὖὕ  Ὅὸ ὸᶻ †
  

  ὢ ɰ    (5) 

 

The outcome of interest, ὍὖὌὙὥὸὩ, is the rate of intimate partner homicides per 100,000 people 

in agency ί in year ὸ with victim of sex Ὥ. Figure 4.A plots point estimates and the 95 percent 

confidence intervals for the IPH rate (for both female and male victims, corresponding to the 

specification in column  3 of panel A in Table 7) based on the event study coefficients of 

equation 5. The p-value from the joint significance test of the pr e-treatment event time 

estimates, 0.377, indicates that the test fails to reject the null hypothesis that IPH rates do not 

trend differently before the enactment of NuPO. Figure 4.B shows the event study that 

corresponds to the specification in column  4 of panel A in Table 7.  

 

5.2 Robustness Checks for Intimate-Partner and Non-Intimate Partner Homicide 
 

Similar to  Section 4.2, in this section I perform a number of robustness checks.  
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(Bacon) Decomposition and Weights.  I first implement a decomposition test proposed by 

Goodman-Bacon (2021)30. I find that  75 percent of the estimated effect for IPV is coming from a 

cleaner (i.e., Treatment vs Never Treated) comparison and 14 percent are from comparing early 

treated units to the control group that consists of units that are treated later . Test proposed by 

de "ÏÈÐÚÌÔÈÙÛÐÕɯÈÕËɯËɀ'ÈÜÓÛÍÖÌÜÐÓÓÌɯȹ2020)31 show that 85 percent of estimated treatment effect 

that contributes to the ATT receive a positive weight. The sum of negative weights is -0.06, 

representing a very small contribution  to the overall ATT estimate. These tests do not suggest a 

substantial bias in my estimated ATT.  

 

Alternative Estimators.  In Figure 5.A and 5.B, I present the results of the estimation of the 

event-study using (1) an imputation -based estimator from Borusyak, Jaravel, and Spiess (2021), 

(2) de Chaisemartin & D'Haultfoeuille ɀÚ (2020) estimator, and (3) the IW estimator from Sun & 

Abraham (2020)32. Overall, I find a similar results to the traditional event study plots (Figure 4).  

In Appendix Table A.8., I use Borusyak, Jaravel, and Spiess (2021) estimator to obtain a single 

ATT across all treated observations for specification describe in Table 7. The robust ATT 

confirms  that NuPO increases the intimate partner homicide,  but it is not correlated with non -

IPH.  

 

Inference.  Similar to the procedure described in Section 4.2, I then randomly assign a 

treatment year to agencies in my data then estimate the impact of these randomly generated 

ordinances on intimate partner homicide rates. I repeat this exercise 1000 times and generate 

distributions of estimates to ensure that I am making correct inferences about statistical 

 
30 Using ddtiming Stata package. 

31 Using twowayfeweights Stata package. 

32 See Section 4.2 for details. Event study estimates are calculated using (1) an imputation -based estimator from 

Borusyak et al. (2021) using the Stata package did_imputation, (2) de Chaisemartin & D'Haultfoeuille ɀÚɯ(2020) estimator 

using did_multiplegt Stata package, and (3) the interaction weighted (IW) estimator from Sun & Abraham ( 2020) using 

Stata package eventstudyinteract.  

 



   

 

 

 

 

 

28 

significance. Figure 6 shows that only 1 percent of placebo estimates are larger than the 

estimated effects from column  C of panel A in Table 7.33 In Appendix Figure A.6, I show that the 

relationship between IPH and NuPO is robust to iteratively excluding each agency.  Lastly, in 

Appendix Table A.9, I report the results using the full sample from 1977 to 2018. Inclusion of 

later years yields similar results.  

 

6.  Does NuPO Affect Crime Reporting? Evidence from Ca ÓÐÍÖÙÕÐÈɀÚɯ#5-related 911 

Calls  

 

Having provided evidence that, in 40 major MSAs in the U.S., nuisance ordinances reduce the 

rate at which assaults inside home are reported to police, and increase domestic violence, in this 

section I explore the relationship between nuisance ordinances and the police jurisdiction -level 

number of domestic violence-related number of 91 calls by estimating the following 

specification:  

 

ὣ ὔόὖὕ   ὤɰ   (6) 

 

The outcome of interest is the rate of DV-related 911 calls per 10,000 people in jurisdiction ί in 

year ὸ. ὔόὖὕ is an indicator equal to one for any city with enacted nuisance property 

ordinance during the post period. ὤ  is a vector of time-varying jurisdiction -level and public 

policy controls that is comprised of the poverty rate (percentage of the population with income 

in the past 12 months below the poverty level), Percent of occupied housing units that are 

renter-occupied,  

rent burden (median gross rent as a percentage of household income), and percentage of the 

population that is White.  In my specifications, I report the 911 call rate in log, and cluster 

standard errors at the jurisdiction level.  

 
33 Appendix Figure A.5, I repeat the same procedure for agencies that are not treated between 1979-2004.  
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I present results from estimating the equation above in panel A of Table 8. I first estimate 

the basic specification with agency and year fixed effects with no additional control. And in 

column  2, I include time-varying city -level controls. Here, I find evidence that nuisance 

ordinances are associated with reductions in the number of DV -related 911 calls of about 12 

percent. To assess the internal validity of the design, I present the event study analysis in Figure 

7.A. The p-value from the  joint significance test of the pre-treatment event time estimates, 0.67, 

indicates that the test fails to reject the null hypothesis that the (log) dv -related 911 calls do not 

trend differently before the enactment of NuPO.  

Now, in panel B of Table 8, I assess the probability of escalating violence. I use a variation 

of equation (6) from above where the outcome is defined as the proportion of DV calls that 

involved the use of a weapon. I find consistent evidence that DV incidents i nvolving gun 

increase for cities that implement nuisance ordinances by about 11 percent. While this study 

finds  a sizable impact of nuisance ordinances in California on domestic violence 911 calls and 

the proportion of incidents involving a gun, it is not without limitations. First, the event study 

analysis of the impact of NuPO on escalating violence (Figure 7.B) shows that the joint 

significance test of the pre-treatment event time estimates fails to reject the null hypothesis that 

the proportion of DV in cidents involving a gun trend s differently before the enactment of 

NuPO. Additionally, unlike Section 4 and 5, here I do not have a credible counterfactual to use 

as a within-city comparison group that experiences the same city-specific trends as well as its 

own type -specific trend. This suggests caution when interpreting the results in California.  

 

7. Conclusion  

 

Approximately 2,000 municipalities in the U.S. have adopted nuisance property ordinances  that 

file violations against landlord whose tenants con tact 911 frequently and require the landlords 

to take action to abate the nuisance and reduce the frequency of those calls. In practice, these 

actions often involve evicting tenants who request police service (National Academy of 
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Sciences, 2018). While proponents of nuisance ordinances argue they are necessary to deter 

crime, a large body of sociology and law literature has discussed the consequences of nuisance 

property ordinances. Although  it is well documented  that these ordinances have 

disproportionate impacts on Black residents, immigrants, renters, and those living in subsidized 

housing, to my knowledge no document has established a credible causal link between NuPO 

and crime reporting at the national level.  This paper attempts to fill this gap by exploiting the 

MSA-level variation s in the enactment of NuPO.  

In this paper, I exploit time -variation in the enactment and implementation of NuPO laws 

across major MSAs to identify the impacts of these ordinances on crime reporting and 

victimization. I find victims of assault are 14  percent less likely to report a crime inside their 

home to police. This result suggest that a sizable share of crime victimization is going 

unreported. I then assess the relationship between NuPO and escalating violence and find 

nuisance enactments lead to a increase in the rate of people murdered by intimates. Lastly, I use 

the DV-related calls for assistance in California and find that by leaving victims in a position in 

which they are risking their housing (or paying fines) by calling for help, nuisance ordinances 

reduce the number of DV-related 911 calls for assistance.  

Attempting to quantify the benefit of these ordinances remains an important area for future 

work. My findings indica tes that NuPO does not reduce the overall victimization, but f uture 

work examining the impact on police expenditure, police response time to a call for services, 

and housing (in)stability can shed light on the welfare implications of these ordinances. In the 

current study, I use intimate partner homicide as a proxy to measure escalating violence (due to 

data availability ). In future  work , I aim to expand my research on the impact of NuPO, starting 

with a currently in progress projects. I obtained the hospitalization data in California that 

allows me to measure the (escalating) domestic violence in a different way. 

My findings are relevant to concerns raised by legal scholars that third party policing, 

specifically nuisance ordinances, violate the First Amendment right to petition the government, 
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due process guarantees, and federal and state prohibitions against housing discrimination 

(Somai v. Bedford, 2020; Groton v. Pirro , 2017; Rosetta Watson v. Maplewood, 2017; Nancy 

Markham v. City of Surprise , 2015; Briggs v. Borough of Norristown , 2013). They are also 

relevant to the recent debate on the negative impact of eviction and the necessity of altering 

policies surrounding eviction, rent, and other aspects of tenant-landlord relations ( for an 

overview see Desmond and Bell, 2015; and Humphries et al., 2019). This study highlights the 

adverse effects of offender focused policies. Policy makers motivated to end DV, need to 

reevaluate the welfare benefit of NuPO; a simple policy change with important negative 

(un)intended consequences. The majority of IPH involve physical abuse of the female by the 

male before the murder. Therefore, one of the major ways to decrease intimate partner homicide 

is to increase the rate at which victimization is reported and intervene with battered women at 

risk. 
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FIGURES 

Figure 1. Relationship between NuPO and crime reporting for (a) victims of assault inside their home, and (b) victims of assault outside 

their home 
 

 

 

 

 

 

 

 

 

 

 

 

 

Notes: The unit of observation is a crime incident, and the outcome is an indicator variable set to 1 if crime was reported to polic e. The sample in (a) consists of assault incidents 

ÛÏÈÛɯÏÈ××ÌÕÌËɯÐÕÚÐËÌɯÝÐÊÛÐÔɀÚɯÏÖÔÌ. Sample used in (b) includes ÈÚÚÈÜÓÛɯÐÕÊÐËÌÕÛÚɯÛÏÈÛɯÏÈ××ÌÕÌËɯÖÜÛÚÐËÌɯÖÍɯÙÌÚ×ÖÕËÌÕÛɀÚɯÏÖÔÌ and serves as a within-MSA placebo group. 

The independent variables of interest are indicator variables for being † periods away from the enactment of nuisance property ordinances where † υȟτȟȢȢȢȟχȢ The dashed 

lines indicate 95% confidence intervals. Mean of the dependent variable and the p-value from the joint significance test of the pre -treatment event time estimates are reported 

at the bottom of each figure.   
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Figure 2. Relationship between NuPO and crime reporting among victims of assault is robust to alternative estimation procedures.  
 

 

 

 

 

 

 

 

 

 

 

 

 

 
 

Notes: The unit of observation is a crime incident, and the outcome is an indicator variable set to 1 if crime was reported to polic e. The sample in (a) consists of assault incidents 

ÛÏÈÛɯÏÈ××ÌÕÌËɯÐÕÚÐËÌɯÝÐÊÛÐÔɀÚɯÏÖÔÌȭɯ2ÈÔ×ÓÌɯÜÚÌËɯÐÕɯ(b) includes assault incidentÚɯÛÏÈÛɯÏÈ××ÌÕÌËɯÖÜÛÚÐËÌɯÖÍɯÙÌÚ×ÖÕËÌÕÛɀÚɯÏÖÔÌɯÈÕËɯÚÌÙÝÌÚɯÈÚɯÈɯÞÐÛÏÐÕ-MSA placebo group. 

Event study estimates are calculated using (1) imputation-based estimator from Borusyak et al. (2021), (2) de Chaisemartin & D'Haultfoeuille (2020) estimator, and (3) the 

interaction weighted (IW) estimator from Sun & Abraham (2020). Estimate s are plotted using event_plot Stata package from Borusyak et al. (2021). See section 4.2 for a brief 

explanation of each estimator.  

(a)  (b) 
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Figure 3. Empirical Distribution of Placebo Reporting Estimates 

 

 

 

 

 

 

 

 

 

 

 
 

 
Notes: The vertical line corresponds to the estimated effect of NuPO on crime reporting among victims of domestic assault (column 3 of Table 3). To ensure that I am making 

correct inferences about statistical significance, I randomly assign a treatment year to MSAs in my data then estimate the impact of these randomly generated ordinances on 

ÝÐÊÛÐÔÚɀɯÙÌ×ÖÙÛÐÕÎɯÉÌÏÈÝÐÖÙȭɯ(ɯÙÌ×ÌÈÛɯÛÏÐÚɯÌßÌÙÊÐÚÌɯƕƔƔƔɯtimes and generate distributions of estimates. Figure 3 shows the placebo distribution from this exercise. A total of 0.6 

percent of placebo estimates lie to the left of the estimated effect. See Appendix Figure A.1 for the distribution of placebo reportin g estimates using only MSAs that are not 

treated between 1979-2004.  
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Figure 4. Relationship between NuPO, (a) intimate partner homicide (IPH), and (n) non-intimate partner homicide (non-IPH) 
 

 

 

 

 

 

 

 

 

 

 

 
 

 
Notes: The unit of observation is county-year. The sample period is 1977-2004. Outcome in (a) is intimate partner homicide (IPH) rate per 100,000 population. Outcome in (b) 

is non-intimate partner homicide (non -IPH) rate per 100,000 population as serves as within-jurisdictio n placebo group. The independent variables of interest are indicator 

variables for being † periods away from the enactment of nuisance property ordinances where † υȟτȟȣȟχȢ The dashed lines indicate 95% confidence intervals. Mean of 

the dependent variable and the p-value from the joint significance test of the pre -treatment event time estimates are reported at the bottom of each figure.   

(a)  (b) 
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Figure 5. Relationship between NuPO and homicide is robust to alternative estimation procedures. 
 

 

 

 

 

 

 

 

 

 

 
 

 

 
 

Notes: The unit of observation is county -year. The sample period is 1977-2004. Outcome in (a) is intimate partner homicide (IPH) rate per 100,000 population. Outcome in (b) 

is non-intimate partner homicide (non -IPH) rate per 100,000 population as serves as within-jurisdiction placebo group . Event study estimates are calculated using (1) 

imputation -based estimator from Borusyak et al. (2021), (2) de Chaisemartin & D'Haultfoeuille (2020) estimator, and (3) the interaction weighted (IW) estimator from Sun & 

Abraham (2020). Estimate are plotted using event_plot Stata package from Borusyak et al. (2021). See section 4.2 for a brief explanation of each estimator.   

(a)  (b) 
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Figure 6. Empirical Distribution of Placebo Homicide Estimates  

 

 

 

 

 

 

 

 

 

 
 

 

 
Notes: The vertical lines represent the estimated effects of NuPO on intimate partner homicide (+0.222) corresponding to column 3 of panel A in Table 7. A total of 6.2 percent 

of placebo estimates lie to the right of the estimated effect. Procedure described in the notes to Figure 3. See Figure 3 for notes. See Appendix Figure A.5 for the distribution of 

placebo IPH estimates using MSAs that are not treated between 1979-2004.  
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Figure 7. Relationship between NuPO, (a) domestic violence related 911 calls, and (b) violence.   
 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Notes: The unit of observation is jurisdiction -year. The sample period is 2001-2019. Outcome in Figure (a) is the (log) number of DV -related calls for service (i.e., 911 calls). 

Outcome in Figure (b) is the proportion of DV -related calls for service that involved  the use of a weapon. The independent variables of interest are indicator variables for being 

† periods away from the enactment of nuisance property ordinances where † τȟσȟȣȟσȢ The dashed lines indicate 95% confidence intervals. Mean of the dependent variable 

and the p-value from the joint significance test of the pre -treatment event time estimates are reported at the bottom of each figure.  

In (a), I find evidence that nuisance ordinances are associated with reductions in number of DV -related 911 calls. The p-value from the joint significance test of the pre -treatment 

event time estimates, 0.67, indicates that the test fails to reject the null hypothesis that the (log) dv-related 911 calls do not trend differently before the enactment of NuPO. 

However, figure (b), suggests caution when interpreting the result for proportion of calls involving a gun.   

(a)  (b) 
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TABLES 
 

Table 1.  Adoption year of Nuisance Property Ordinances 
 

City  Year of 

Enactment 

Ordinance 

Code/Section 

City  Year of 

Enactment 

Ordinance 

Code/Section 

Detroit, MI  1964 § 37,38 San Diego, CA 2007 § 11.-0210 

Dallas, TX  1975 § 27-48 St. Louis, MO  2007 Ordinance no. 68535 

Newark, NJ 1986 § 17:3A-1 San Antonio, TX 2007 § 21-81 

Santa Ana, CA 1988 $ 10-300 Los Angeles, CA 2008 § 151.09 

New York, NY 1989 § 7-703 Atlanta, GA  2008 Housing Code § 6 

Mesa, AZ 1992 § 6-12-4, 8 Baltimore, MD  2008 art 19 § 43 

Philadelphia, PA  1992 NuPO Task Force Kansas City, MO  2008 § 48- 50  

Minneapolis, MN  1994 § 386.10-.60 Portland, OR  2008 § 14B.60.010 

Sacramento, CA 1997 § 8.04.100 San Francisco, CA 2009 § 80.4 

San Jose, CA 1998 § 1.13.050  Fort Lauderdale, FL 2009 § 18-1 

Washington, DC 1998 § 22-2713  Orlando, FL  2009 § 42.04 

Denver, CO 1999 § 37-50 Tampa, FL 2009 § 14-293 

Suffolk, NY 1999 § 623-2 Seattle, WA 2009 § 10.09 

Oakland, CA  2004 § 8.23.100 Chicago, IL 2010 § 8-4-087 

Miami, FL  2004 § 2-98.5 San Bernardino, CA 2011 § 15.27.050  

Columbus, OH 2005 § 4703.1 West Palm Beach, FL 2011 § 54-402 

Pittsburgh, PA  2005 § 670.02 Boston, MA  2012 § 16-57-2 

Cincinnati, OH  2006 § 761-1-N Fort Worth, TX  2012 § 7-394  

Cleveland, OH 2006 § 630.01 Charlotte, NC  2013 § 6-581 

Houston, TX 2006 § 28-281 Virginia Beach  . . 

 

Notes: Sources: author, Desmond and Valdez (2013), Fais (2007), and Mead (2017). I check the adoption years across multiple 

references. In case of contradictions between the adoption years in the previous literature, I trusted my own findings. When the 

adoption year is not  available in published study, I personally collected them through municipalities ordinances.   
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Table 2.  Descriptive Statistics  
 

 (1) (2)  (3) (4) 

 Without NuPO  With NuPO   Without NuPO  With NuPO  

Panel A: Crime Victimization Survey  NCVS   NCVS Victims  

Avg Number of Respondents/Year  86,390 86,755 

 

 9,286 9,376 

Female 0.528 0.530  0.517 0.520 

White 0.644 0.669  0.694 0.719 

Single 0.477 0.486  0.585 0.586 

Age 40 or above 0.469 0.472  0.325 0.337 

High School or below 0.575 0.556  0.534 0.513 

Low Income 0.473 0.417  0.512 0.450 

Renter 0.344 0.346  0.480 0.446 

Single Housing 0.673 0.649  0.579 0.586 

Head of Household  0.476 0.473  0.533 0.526 

N 1,251,701 972,156  121,284 94,722 

Crime Victimization Rate      

1979 13.94% 13.46%    

2004 4.98% 5.04%    

% of Assaults Reported to Police      

1979    45.46% 45.90% 

2004    48.26% 39.32% 

Panel B: Homicide per 100,000 population SHR   

Intimate partner homicide rate      
1979 2.77 1.41    

2004 0.64 0.62    

Non-Intimate Partner Homicide Rate      

1979 24.12 20.78    

2004 13.93 12.16    

Panel C: 911 calls per 10,000 population California     

Domestic violence related 911 calls      
2001 56.09 68.50    

2019 54.28 47.63    

Notes: Odd-numbered columns report means for MSAs/cities where, during the sample period, NuPO never applies. Even-numbered 

columns report means for MSAs/cities where NuPO applied during the sample period. In Panel A, data is from National Crime 

Victimization Survey (NCVS) M SA sample. ColumnÚɯȹƕȺɯÈÕËɯȹƖȺɯÙÌ×ÖÙÛɯÔÌÈÕÚɯÍÙÖÔɯ-"52ɀÚɯperson-based file that contains select 

household and person variables for all people in NCVS interviewed households in the core counties of the 40 largest MSAs from 

January 1979 through December 2004. ColumnÚɯȹƗȺɯÈÕËɯȹƘȺɯÙÌ×ÖÙÛɯÔÌÈÕɯÖÍɯÊÖÝÈÙÐÈÛÌÚɯÍÙÖÔɯ-"52ɀÚ incident -based file contains select 

household, person, and incident variables for persons who reported a violent crime during the 6 -month period preceding the interview 

month. Low Income = 1 if the ÙÌ×ÖÙÛÌËɯÏÖÜÚÌÏÖÓËɯÐÕÊÖÔÌɯÐÚɯÉÌÓÖÞɯ'4#ɀÚɯ,ÌËÐÈÕɯ%ÈÔÐÓàɯ(ÕÊÖÔÌɯÌÚÛÐÔÈÛÌÚȭɯCrime Victimization Rate 

reports the percentage of respondents who reported victimization for any crime. Percentage of assaults reported to police=1 if an assault 

that happened insidÌɯÝÐÊÛÐÔɀÚɯÏÖÔÌɯreported the crime to police. In Panel B, the homicide data come from the Supplementary Homicide 

Reports (SHR) within FBI Uniform Crime Reports (UCR). I use information on the relationship between the victim and offender t o 

identify intimat e partner homicide (IPH) in which the victim is a current or former spouse, girlfriend, or boyfriend of the offender). Unit 

of observation is county-year (34 counties  28 years). In Panel C, data on domestic violence-ÙÌÓÈÛÌËɯƝƕƕɯÊÈÓÓÚɯÊÖÔÌɯÍÙÖÔɯ"ÈÓÐÍÖÙÕÐÈɀÚɯ

Department of Justice (DOJ). Unit of observation is county -year (58 counties  19 years).  
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Table 3.  Relationship between NuPO and crime reporting for victims of assault inside their home 
 

Outcome: Was the ÈÚÚÈÜÓÛɯÐÕÚÐËÌɯÝÐÊÛÐÔɀÚɯÏÖÔÌ reported to police? (Yes = 1)  

 (1) (2) (3) (4) 

NuPO -0.085** -0.084** -0.075** -0.040 

 (0.035) (0.033) (0.036) (0.043) 

NuPO  Rent    -0.062** 

    (0.028) 

Mean of Outcome 0.585 

Observations 5,888 

Year & MSA FE Y Y Y Y 

Individual Controls  . Y Y Y 

Economic & Policy Controls  . . Y Y 
 

Notes: The unit of observation is a domestic assault victimization , and the outcome is an indicator variable set to 1 if crime was 

reported to police. The sample period is 1979-2004. This table reports  from equation 1. NuPO = 1 for any MSA with enacted 

nuisance ordinances during the post period. Rent is an indicator for whether the victim lives in a rental unit. Individual Controls 

are from the NCVS and includes individual -ÓÌÝÌÓɯÐÕÍÖÙÔÈÛÐÖÕɯÈÉÖÜÛɯÛÏÌɯÝÐÊÛÐÔɀÚɯÙÈÊÌɯȹ6ÏÐÛÌȺȮɯÌducation (High school or below 

and an indicator for missing value), income (whether below the median income), housing and tenure (whether the victim lives 

in a single unit housing and whether the victim lives in a rental unit), and whether the victim is th e head of household. Offense-

related controls are indicators for : multiple offenders, attempted assault/attack, and whether the victim was injured. Economic & 

Policy Controls include non -violent crime rates covering burglary, larceny, and mother vehicle th eft, female-to-male employment 

ratio, income per capita, unilateral divorce laws indicators, AFDC/TANF maximum benefit for a family of 3, indicators for 

whether the state has the death penalty, no-drop prosecution law, indicators, and mandatory arrest laws . All standard errors are 

clustered at the MSA-level. * p<0.1; ** p<0.05; *** p<0.01 

 

The coefficients in columns 1-3 are estimated from the following regression:  

ὅὶὭάὩὙὩὴέὶὸὩὨὔόὖὕ   ὢɱ ὤɰ    

The coefficients in column  4 are estimated from the following regression:  

ὅὶὭάὩὙὩὴέὶὸὩὨὔόὖὕ  ὙὩὲὸ ὔόὖὕ  ὙὩὲὸ   ὢɱ ὤ ɰ    

Estimates from Table 3 imply  that nuisance ordinances decrease the rate at which assaults that happened inside home is 

reported. Those living in rental units are particularly affected by these ordinances.  
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Table 4.  Falsification exercise by offense type and location of the incident 
 

 (1) (2) (3) 

Panel A: 6ÈÚɯÛÏÌɯÈÚÚÈÜÓÛɯÛÏÈÛɯÏÈ××ÌÕÌËɯÖÜÛÚÐËÌɯÖÍɯÝÐÊÛÐÔɀÚɯÏÖÔÌɯÙÌ×ÖÙÛÌËɯÛÖɯ×ÖÓÐÊÌȳɯȹ8ÌÚɯǻɯƕȺɯɯ 

NuPO -0.015 -0.024 -0.020 

 (0.020) (0.020) (0.020) 

    
Mean of Outcome  0.386  

Observation  20,791  

Panel B: Was Other (non-assault) ÖÍÍÌÕÚÌÚɯÛÏÈÛɯÏÈ××ÌÕÌËɯÖÜÛÚÐËÌɯÖÍɯÝÐÊÛÐÔɀÚɯÏÖÔÌɯreported to police? (Yes = 1)   

NuPO -0.019 -0.019 -0.009 

 (0.017) (0.014) (0.011) 

    
Mean of Outcome  0.317  

Observation  80,649  

Panel C: Was Other (non-assault) offenses that happened inside of ÝÐÊÛÐÔɀÚɯÏÖÔÌɯÙÌ×ÖÙÛÌËɯÛÖɯ×ÖÓÐÊÌȳɯȹ8ÌÚɯǻɯƕȺ 

NuPO -0.015 -0.015 -0.019 

 (0.014) (0.015) (0.016) 

    
Mean of Outcome  0.424  

Observation  59,606  

Year & MSA FE Y Y Y 

Individual Controls  . Y Y 

Economic & Policy Controls  . . Y 
 

Notes: Outcome is an indicator variable set to 1 if crime was reported to police. Assault against victims include attempted, 

completed, and aggravated assaults, verbal threat of assault and sexual assaults. Other offenses include attempted or completed 

robbery, pocket pi cking, burglary, theft, and motor vehicle theft. The location ÐÚɯÊÖÕÚÛÙÜÊÛÌËɯÉàɯÝÐÊÛÐÔÚɀɯÙÌÚ×ÖÕËÌÕÛÚɯÖÕɯÞÏÌÛÏÌÙɯ

the incident happened in/around home. The regressions are estimated using specifications and controls described in the notes to 

Table 3. See Table 3 for notes.  

The unit of observation in panel A is an assault victimization out of home.  The unit of observation in panel B is a non-assault 

victimization out of home. The unit of observation in panel C is a non-ÈÚÚÈÜÓÛɯÝÐÊÛÐÔÐáÈÛÐÖÕɯÐÕÚÐËÌɯÝÐÊÛÐÔɀÚɯÏÖÔÌȭɯAll standard 

errors are clustered at the MSA-level. * p<0.1; ** p<0.05; *** p<0.01 

 

Table 4 reports the estimated effect of NuPO on the rate at which crimes that are not directly targeted by these nuisance (i.e., 

ÈÚÚÈÜÓÛɯÖÜÛÚÐËÌɯÖÍɯÝÐÊÛÐÔɀÚɯÏÖÔÌɯÈÕËɯÐÕÊÖÔÌɯÎÌÕÌÙÈÛÐÕÎɯÊÙÐÔÌÚȺɯÈÙÌɯÙÌ×ÖÙÛÌËɯÛÖɯ×ÖÓÐÊÌȭɯ ÔÖÕÎɯÈÓÓɯÚ×ÌÊÐÍÐÊÈÛÐÖÕȮɯÌÚÛÐÔÈÛÌËɯ

coefficients are imprecise and insignificant. 
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Table 5.  Does NuPO increase the likelihood of escalating violence among victims of domestic 

assault?  
 

 (1) (2) (3) 

Panel A: Victim suffered injury (Yes = 1)  

NuPO 0.009 0.034** 0.034* 

 (0.026) (0.016) (0.018) 

    
Mean of Outcome  0.362  

N  5,888  

Panel B: Victim received medical care (Yes = 1) 

NuPO 0.030 0.040 0.036 

 (0.023) (0.024) (0.022) 

    
Mean of Outcome  0.161  

N  5,888  

Panel C: Self-protective action taken by victim (Yes = 1) 

NuPO 0.036 0.039 0.051** 

 (0.027) (0.027) (0.025) 

    
Mean of Outcome  0.583  

N  5,888  

Panel D:  Police took reported, search, took evidence, or questioned witness(es) upon being called (Yes = 1) 

NuPO 0.024 0.023 0.031 

 (0.027) (0.028) (0.033) 

    
Mean of Outcome  0.560  

N  3,442  

Year & MSA FE Y Y Y 

Individual Controls  . Y Y 

Economic & Policy Controls  . . Y 
 

Notes: The unit of observation is a crime incident for victims of assault inside their home. The sample period is 1979-2004. In panel 

A, the outcome (injury ) = 1 if victim indicated they suffered injury. In panel B, outcome (medical care) =1 if victim indicated that 

they received medical care for injury. In panel C, I look at the possible escalation by looking at the outcome (self-protective) = 1 if 

self-protective action by the victim was taken. In panel D, the outcome (Police acted) is an indicator variable set to 1 if, conditional 

of crime being reported, police took one of the following actions: took reported, search, took evidence, or questioned witnes s(es) 

upon being called. Regressions in panel D are conditioned on police being call ed and include fewer observations. The regressions 

are estimated using specifications and controls described in the notes to Table 3. See Table 3 for notes. All standard errors are 

clustered at the MSA-level. * p<0.1; ** p<0.05; *** p<0.01.  

Altogether , in Figure 5, I find suggestive evidence of positive relationship between NuPO and escalating violence.    
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Table 6.  Does NuPO increase the likelihood of assault victimization (in general) and domestic 

assault victimization?  
 

 (1) (2) (3) 

Panel A: Assault victimization rate  

NuPO 0.00099 0.00161 0.00212* 

 (0.00140) (0.00124) (0.00114) 

    

Mean of Outcome  0.015  

Observation   1,034  

Panel B: Domestic assault victimization rate  

NuPO 0.00062 0.00094* 0.00095* 

 (0.00060) (0.00056) (0.00055) 

    

Mean of Outcome  0.005  

Observation  1,034  

Year & MSA FE Y Y Y 

Individual Controls  . Y Y 

Economic & Policy Controls . . Y 
 

Notes: The unit of observation is an individual surveyed by the NCVS. The sample period is 1979-2004. Assault victimization rate 

is the proportion of individuals in in MSA ί interview in year ὸ reported having been a victim of an assault in the previous six 

months. Domestic assault victimization rate is the proportion of individuals in in MSA ί interview in year ὸ reported having been a 

victim of an assault inside their home in the previous si x months. Additional controls are described in the notes to Table 3. See 

Table 3 for notes. All standard errors are clustered at the MSA-level.  

 * p<0.1; ** p<0.05; *** p<0.01 
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Table 7.  Relationship between NuPO and intimate partner homicide (IPH) and non-intimate partner 

homicide (non-IPH) 
 

 

 

(1) (2) (3)  (4) 
 

IPH rate  
 Falsification:  

  Non -IPH  

Panel A: Both Female and Male Victims 

NuPO 0.609*** 0.602*** 0.222*  0.943 

 (0.127) (0.130) (0.111)  (0.734) 

      

Mean of Outcome 1.370 1.370 1.370  19.28 

Panel B: Female Victims      

NuPO 0.174*** 0.171*** 0.061  0.070 

 (0.052) (0.050) (0.054)  (0.132) 

      

Mean of Outcome 0.792 0.792 0.792  2.590 

Panel C: Male Victims      

NuPO 0.435*** 0.431*** 0.161**  0.872 

 (0.095) (0.099) (0.075)  (0.672) 

      

Mean of Outcome 0. 578 0. 578 0.578  16.69 

Observations 952 952 952  952 
MSA- and Year FEs Y Y Y  Y 

Lagged non-IPH rate . Y Y  Y 

Economic & Policy . . Y  Y 
 

Notes: Unit of  observation is county-year (34 counties  28 years). The sample period is 1977-2004. Coefficients are estimated 

from the following regression:   

ὣ ὔόὖὕ    ὢ ɰ       

Outcome in columns (1), (2), and (3) is intimate partner homicide (IPH) rate per 100,000 population. Outcome in column (4) is 

non-intimate partner homicide (non -IPH) rate per 100,000 population. Lagged non-IPH rate is included to account for agency-

specific changes in overall violent crime rates. Economic & Policy Controls include non -violent crime rates covering burglary, 

larceny, and mother vehicle theft, female-to-male employment ratio, income per capita, unilateral divorce laws indicators, 

AFDC/TANF max imum benefit for a family of 3, indicators for whether the state has the death penalty, no -drop prosecution 

law, indicators, and mandatory arrest laws. All standard errors are clustered at the MSA -level. * p<0.1; ** p<0.05; *** p<0.01 

  

Across all specifications, I find a positive and significant relationship between the enactment of NuPO and the IPH rates.  I n 

column 4, I estimate the impact of nuisance ordinances on non-intimate partner homicide as a falsification test. For non-IPH, the 

estimated impacts are insignificant and small in magnitude.  
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Table 8.  Relationship between NuPO, domestic violence related 911 calls, and violence.   
 

 (1) (2) 

panel  A:  Log(DV-related 911 calls per 10,000) 

NuPO -0.113* -0.120* 

 (0.057) (0.063) 

   

Mean of Outcome 54.40 

SD of Outcome 36.52 

N 1,102 

panel  B: Proportion of DV calls that involved the use of a weapon 

NuPO 0.119*** 0.115*** 

 (0.039) (0.037) 

   

Mean of Outcome 0.40 

N 1,102 

Year & Unit  FE Y Y 

Controls . Y 
 

Notes: Unit of  observation is county-year. The sample period is 2001-2019. In Panel A, the outcome of interest is the (log) rate of 

DV-related 911 calls per 10,000 people in agency ί in year ὸ. In Panel B, the outcome of interest is the proportion of DV calls that 

involved the use of a weapon. ὔόὖὕ is an indicator equal to one for any city with enacted nuisance property ordinance during 

the post period. ὤ  is a vector of time-varying city -level and public policy controls w hich is comprised poverty rate (percentage 

of the population with income in the past 12 months below the poverty level), Percent of occupied housing units that are rent er-

occupied, rent burden (median gross rent as a percentage of household income), and percentage of population that is White. In 

my specifications, I cluster standard errors at the county  level. * p<0.1; ** p<0.05; *** p<0.01 

  

Across all specifications, I find a negative and significant relationship between the enactment of NuPO and the (log) rate of DV-

related 911 calls. Results suggest a positive relationship between these ordinances and the proportion of incidents that involv ed 

a weapon. However, the event study (Figure 7.B) suggests caution when interpreting the results for proportion of DV calls 

involving weapon.  
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Appendices  

A Hypothesized Effects of Nuisance Property Ordinances  

To clarify the argument, i n this section, I present a simple model that describes how changing the 

cost of crime reporting  (and calling for service) in the form of NuPO could affect the behavior of a victim 

or a batterer. Considering crime -specific preferences, ɡ is a vector of a binary reporting decision, and 

— πȟρ is the reporting decision corresponding to crime type j. The victim reports a crime 

victimization ( — ρ) when the expected benefit of reporting is greater than the cost of reporting. The 

net benefit of reporting, , varies across individuals. Victim sets  — ρ if  πȢ How would NuPO 

affect reporting? Consider two types of crime: (k=1) domestic assault and (k=2) sexual harassment in 

bars/restaurants. Nuisance ordinances focus on crimes related to a property. Therefore, we expect that 

the net benefit of reporting a sexual harassment in a restaurant,  remains the same, while the cost of 

reporting a domestic assault will increase, decreasing  and leading to less reporting of domestic assault 

victimization.  

 
Person i, first chooses between battering or not. If no battering is involved in this stage, the game ends 

and both players receive a utility normalized to zero.  i receives v from battering , wh ich is randomly 

distributed on the real numbers indicating that person i might like or dislike battering . If they decide to 

batter, they receive a payoff of v minus the cost, which  depends on the circumstances and the ÝÐÊÛÐÔɀÚɯ

actions. By interacting with an abusive person, the victim bears the cost of h. The true value of h cannot 

be anticipated by the victim until it occurs. A batterer cannot anticipate (or observe) the magnitude of h 

before (and after) the incident . If battering occurs, j has three options: (1) report the victimization to 

police, (2) do nothing, or (3) use violence. 

(ÍɯÛÏÌɯÝÐÊÛÐÔɯËÖÌÚɯÕÖÛɯÙÌ×ÖÙÛɯÛÏÌɯÝÐÊÛÐÔÐáÈÛÐÖÕɯÛÖɯÈÜÛÏÖÙÐÛÐÌÚȮɯÛÏÌɯÝÐÊÛÐÔɀÚɯ×ÈàÖÍÍɯÌØÜÈÓÚɯÛÖɯ(-h). If the 

victim report s the incident, they gain , which is the net benefit of reporting from  ÈɯÝÐÊÛÐÔɀÚɯ×ÖÐÕÛɯÖÍɯÝÐÌÞȭɯ

I assume that if an offense is reported, the batterer bears the cost of . Note that reporting a victimization 

does not imply dissolution of the relationship. Therefore, the victim receives the dissatisfaction of the 

ÈÉÜÚÌÙɀÚɯ×ÙÌÚÌÕÊÌɯ(-h) in addition to the net benefit of the reporting ( ). If a victim commits a violent act 

as a commitment device, they face legal consequences, c. The abuser payoff in this case is utility from 

battering minu s the cost such as injury (v-d). 
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With a positive value of  (when the benefit of reporting is greater than cost), a victim always prefers 

reporting over doing nothing (  - h > -h). The victim reports instead of engaging in violence as long as  - 

h > -c. Both m and c are positive values; therefore, she prefers reporting to killing if ( - h >  -c- rw). In other 

words, she decides to kill the abuser if living with an abusing partner is more  costly than the combined 

costs of losing a marriage, facing a penalty for committing homicide, and the risk of being evicted. Thus, 

the victim reports if the disutility of living with an abusive partner is not very large; otherwise, the 

victim will kill h im. Figure below shows the equilibrium responses.  

 
With increased costs associated with the enactment of NuPO, I expect some victims to shift away from 

reporting toward doing nothing if the net benefit of reporting becomes negative (  - h < -h). For some 

values of h < h*, the victim prefers doing nothing , and for h > h* they engage in violence. As shown in 

Figure above, when NuPO laws make the reporting costly, depending on the value of  ά Ὤ, a victim 

either commits to violence or does nothing. In this  case, the threshold of violence is lower  compared to 

the threshold in the case of positive ὶ . 
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Appendix Figures  

Figure A.1. Empirical Distribution of Placebo Reporting Estimates 

 

 

 

 

 

 

 

 

 

 

 
Notes: The vertical line corresponds to the estimated effect of NuPO on crime reporting among victims of domestic assault 

(column 3 of Table 3). To ensure that I am making correct inferences about statistical significance, I randomly assign a treatment 

year to MSAs that are not treated between 1979-2004 and then estimate the impact of these randomly generated ordinances on 

ÝÐÊÛÐÔÚɀɯÙÌ×ÖÙÛÐÕÎɯÉÌÏÈÝÐÖÙȭɯ(ɯÙÌ×ÌÈÛɯÛÏÐÚɯÌßÌÙÊÐÚÌɯƕƔƔƔɯÛÐÔÌÚɯÈÕËɯÎÌÕÌÙÈÛÌɯËÐÚÛÙÐÉÜÛÐÖÕÚɯÖÍɯÌÚÛÐÔÈÛÌÚȭɯ%ÐÎÜÙÌɯÚÏÖÞÚɯÛÏÌɯ×ÓÈÊebo 

distribution from this exercise. A total of 3.5 percent of placebo estimates lie to the left of the estimated effect. See Figure 3 for the 

distribution of placebo reporting estimates using all  MSAs. 
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Figure A.2. The relationship between NuPO and reporting assault  is robust to iteratively 

excluding each MSAs  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 
Notes: The dependent variable is an indicator taking value of one if victim reported a n assault victimization  inside their home to 

police. The independent variable of interest is an indicator for whether the MSA had implemented a nuisance property ordinance. 

The plotted coefficient and 95% confidence intervals are obtained excluding the MSA listed on the vertical axis. All standard errors 

are clustered at the MSA-level. The regressions are estimated using specifications and controls described in the notes to Table 3. 

See Table 3 for notes. 

This figure show that the relationship between reporting and NuPO is robust to iteratively excluding eac h MSA. In addition, the 

estimated effect is robust to excluding DC and MSAs in Florida  that do not provide homicide data as discussed in Section 3.3.  
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Figure A.3. Heterogenous treatment effect of NuPO on crime reporting 

 

 

 

 

 

 

 

 

 

 

 

 

 

Notes: The dependent variable is an indicator taking value of one if a victim reported a n assault (with no injury) inside their 

home to police. The independent variable of interest is an indicator for whether the MSA had implemented a nuisance property 

ordinance. Head of HH = 1 if the victim is the head of household. IPV = 1 if victim is a current or former spouse, girlfriend, or 

boyfriend of the offender . IPV (broad) = 1 if victim is a current or former spouse, girlfriend, boyfriend , or friend  of the offender. 

Domestic = 1 if IPV = 1 or offender is a family member (parent, child/step-child, or sibling). The plotted coefficient and 95% 

confidence intervals are obtained from estimating the effect for each subgroup labeled in the y axis. All standard errors are  

clustered at the MSA-level.  

  

 


